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What impacts upon a student’s chances of getting a “good” degree? 

 

Introduction and background 

Universities have been increasing the number and scope of people who can enter higher 

education under the umbrella of a widening access agenda. This was largely facilitated by 

the Labour Government after election in 1997 who pledged that they would increase 

opportunity for young people by increasing the number of places available. This was 

complimented by universities adopting a policy of widening access to increase opportunity 

for more non-traditional entrants. This was facilitated by the Higher Education Funding 

Council for England (HEFCE) implementing a national policy to ensure that those with ability 

had equality of opportunity to access higher education, (HEFCE 2014). This was a laudable 

aspiration but appears to be openly political; thus a question arises about how students 

cope with higher education when they get there if they originate from non-traditional 

backgrounds and does this have an impact on what kind of degree they get? There is a wider 

political debate concerning the quality of degrees following dilution but it remains an 

important point that what constitutes a “good degree” has been affected; insofar as a 2:2 

no longer falls into this category and it is questionable how many people are aware of this. 

This is increasingly important in an environment where possession of a degree is becoming 

more common so the classification of that degree takes on a greater significance in terms of 

employability. Added to this is Sadler’s, (2013), assertion that codifying academic success 

may be a futile exercise after all as the underlying assumptions, (of codification), may not be 

adequately formed.  

Following on from this, the current study examined the factors that may have contributed to 

graduate outcomes. In short, what are the factors that had the greatest influence or 

predicting power on the degree classification achieved by students studying for a degree in 

a health related subject? 

The data used for this analysis was accessed from one Faculty in a university made up of 

several Schools that offered a range of health and life science related programmes. The data 

has already been collected as a matter of course by the University for its records, so this 

study may be labelled as a secondary data analysis. Secondary data analysis is described as 

documentary research by Cohen, Manion & Morrison (2011) and is a useful way to 

retrospectively detect patterns that emerged over time. As well as pattern detection, Smith, 
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(2011), highlighted from a practical point of view, that secondary data analysis is a useful 

way to facilitate the analysis of a large dataset that would not otherwise have been 

accessible in the time available for the task in hand. This is evident in the way that Murphy 

and Lloyd, (2007), demonstrated how a large dataset collected routinely as part of the 

British Household Panel Survey could be analysed for other purposes. In their case they 

investigated the prevalence of psychiatric disorder across the UK and using secondary 

analysis were able to access a sample of 17.343. Similarly Hayes and McAllister, (2009), 

accessed the Northern Irish Life and Times Survey and were able to access a substantial 

dataset. The actual number of participants in their dataset though was not reported. In 

keeping with secondary data analysis then; the dataset used for this study was indeed, a 

large sample generated in a short space of time and thus was ideal for this type of research. 

Smith also points out that this kind of exercise is ideal to facilitate research training as well 

as answering the question. Secondary data analysis also is an attractive way to compile a 

large dataset that according to Denscombe, (2003) has authority, is factual but above all is 

impartial.   

When considering how to use the data once it had been compiled; it occurred that 

straightforward bivariate correlations may well occur under laboratory conditions but do 

not fully explain how an outcome is arrived at, (Pallant 2010). In messy reality, most issues 

(and people), are uniquely affected by a whole host of variables simultaneously; with some 

accounting for more of an impact in any given outcome than others. This process is carried 

out retrospectively and is known collectively as regression analysis. Pallant, (2010), cautions 

however that regression analysis will not automatically divine relationships between 

variables; an exercise she labels fishing. This is where statistical modelling can help to 

untangle the situation somewhat.  It is possible to construct a statistical model that 

identifies a range of independent variables that may (or may not) affect a dependent 

variable. A statistical model provides a sound scientific basis to drive the regression and add 

to its rigour.   

To put the study into context and to determine what kind of work had been carried out 

previously in this field a literature search was undertaken. According to Aveyard (2010), 

conducting a literature search enables one to develop insights into one’s study that would 

not otherwise be present by providing context whilst Denscombe (2010), suggests that 

literature provides relevance and goes a long way to providing scientific justification for the 
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study.  Thus the literature was reviewed to establish if and when investigations of this 

nature had been carried out previously. This helped provide direction and enabled the 

discussion to be scaffolded around what was already known. Although it would seem that 

relatively few papers were uncovered; those that were could be seen to fall into two broad 

categories: Those that identified and dealt with factors that were intrinsic to the student 

such as psychological factors like resilience and those that identified and dealt with extrinsic 

factors such as school attended. With this in mind, this study is concerned with a mix of 

extrinsic and intrinsic factors thus the previous literature starts to enable a theoretical 

framework to be attempted that accounts for such a mix. In addition, this is an opportunity 

to see if the data routinely collected for student administration can be usefully adapted to 

predict degree success.  

When considering the papers that were primarily focused on intrinsic factors; Cassidy, 

(2012), carried out a longitudinal study that investigated the individual internal factors that 

contributed to student’s final grade point average score and using regression found that age 

was a significant factor (R2 = 0.201). The sample included in Cassidy’s study were 

undergraduate psychology students (n=97) with a mean age of 23.5 years. The study 

consisted of a number of pre-existing psychometric scales that had been previously 

validated. Cassidy found that previous academic achievement was the strongest predictor of 

final degree outcome closely followed by age and then academic self-efficacy. Academic 

self-efficacy was a subscale of academic control and is described as the extent to which an 

individual believes the locus of control for a particular set of events to be either be within 

their personal control or beyond it. Although academic self-efficacy showed a weaker 

correlation with degree outcome than previous academic achievement; it is interesting to 

note that academic self-efficacy would have underpinned the individuals previous academic 

achievement thus it remains an important construct to highlight. It is important to note that 

Cassidy was able to carry out a linear regression because the predictor variable was scale 

insofar as he was able to obtain a particular percentage on completion of the course. This 

enabled the statistical model to sensitively determine which variables were affecting the 

predictor variable. Cassidy however, points out that sensitivity is affected by a variety of 

extraneous variables that were not controlled for such as types of assessment. This he 

points out has serious implications for universities as the findings cast doubt on the 

importance of the approaches to learning stance that currently pervades pedagogy. In a 
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similar vein; Allan, McKenna et al (2014), focused upon the concept of psychological 

resilience to determine if this played a part in predicting academic success. Resilience in this 

paper is presented as a construct made up of several concepts that combine to enable an 

individual to not only cope but thrive. It represents a shift in thinking away from a remedial 

deficit approach to one that identifies the positive and builds on that. In other words it 

transforms a vicious circle into a gentle one. The study was conducted in four parts and 

included undergraduate students from one school, (n = 1534). Results from a logistic binary 

regression showed that females who scored highly on the overall resilience scale were more 

likely to fall into one of the top two categories in academic success. This was not the case 

for males; no significant relationship was found but the authors claimed that this may well 

have been down to extraneous variables not controlled for. Nevertheless, the study 

provided insight into how the notion of resilience could be used to facilitate student support 

and the robustness of the data analysis lent itself to justifying confidence in developing 

support services. Moving away from psychological constructs, Uppal and Mishra (2014) 

agreed that intrinsic factors contributed to academic success despite conducting a study 

that was focused upon prior job experience. Using secondary data from 365 students as well 

as administering validated psychometric instruments; regression analysis demonstrated a 

positive correlation between prior job experience and success on an MBA program in India. 

Whilst this study demonstrated the value of regression in investigating pre-existing factors 

to determine what student support needs may be; it should be noted that some of the 

underlying constructs such as prior job experience would need more explanation and 

definition to be relevant.  The emergence of data that demonstrates that intrinsic factors 

are important, contribute to learning, (and thus success) and need to be attended to; was 

highlighted by Najafabadi et al, (2013). Using a Bayesian structure equation model they 

found that what was going on with their students in terms of intrinsic factors like self-

esteem, learning styles and support contributed more to academic success than previous 

academic achievement. They also reported a culturally significant finding for them in that 

they were able to show that gender played no significant part in predicting academic 

success. Ethnicity, gender and age are commonly recorded by institutions and bearing this in 

mind Naylor et al. (2014), investigated the impact these factors had on physiotherapy 

students’ performance in practice placements. Using a sample of 333 students they carried 

out ANOVA to see if there were any significant differences in placement marks between 
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ethnic groups, age and gender. The study found that there was a significant difference when 

it came to ethnicity whereby those from non-white backgrounds were judged to be 

underperforming and not doing as well as their white peers. This set the scene for Williams 

et al, (2014) to carry out a further investigation with the same cohort. Using a multivariate 

linear regression because the dependent variable was scale, (percentages on modules); 

Williams et al. found that white British students were more likely to get good degrees 

compared to their non-white peers, (65% versus 34%, n = 461). Beyond finding evidence 

that this situation existed and speculating that this may be attributed to a difference in 

approaches to learning in the groups Williams et al. were unable to determine why this was 

the case. This perhaps opens the way for some complementary qualitative research and 

suggests that a mixed methods or triangulated approach may produce a fuller picture.  

Conversely when considering those papers that focused on extrinsic factors: Adamuti-

Trache, Bluman et al. (2013), found that the type of school that an undergraduate had 

attended would significantly contribute to performance on a first year physics course. The 

study took place in Canada and was motivated by an increasing realisation that it is the 

transition from high school to university that presents students with a significant challenge. 

So, whilst the study did not carry through to the conclusion of the degree it did demonstrate 

the usefulness of analysing existing data that had been collected as a matter of routine by 

the university administration for other purposes.  In a similar vein to Cassidy (2012) above 

the study used regression analysis and enjoyed the use of continuous variables in the form 

of individual student scores to construct a model. Adamuti-Trache Bluman et al. (2013), 

concluded by arguing that the type of school attended had a significant impact upon physics 

and maths courses outcomes.  This was a similar approach to that adopted by Lasselle and 

McDougall-Bagnall et al (2014) who conducted a study in Scotland to determine if school 

type in combination with grades were a useful indicator of performance in university. It 

should be noted though that this study was motivated by providing justification for using 

the information as a means of selection where grades alone achieved by students would not 

guarantee a place at an elite institution. Although the paper did not claim to be carrying out 

a regression analysis it would seem that this was the case as the method described relied 

upon the production of outcome probabilities which would be in keeping with a logistic 

regression. This study found that grades alone did not predict degree success unless school 

context was taken into account. 
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Overall it may be seen that the literature with regard to the factors that influence student 

performance and eventual outcome fall into two broad categories. The work around 

internal psychological factors is increasing but continues to be complimented by work that 

examines external factors. The current study blends this approach somewhat by examining 

a combination of internal and external factors that combine to influence the type of degree 

a student achieved.  

 

Alternative hypotheses: 

The main hypothesis to be tested in this assignment was: 

Degree classification can be predicted by a student’s age, sex, ethnicity, marital status, 

previous academic achievement and whether or not they completed the course on time. 

Thus the dependent variable, (DV), is: 

 Degree classification, (Categorical) 

The independent variables, (IV), are: Age, (Scale), Gender, (Categorical), Marital status, 

(Categorical), Ethnicity, (Categorical), Previous qualifications, (Ordinal) and Time taken to 

complete the course, (Scale).  

The variables were combined to produce a model that attempted to demonstrate that there 

was a relationship between the dependent and independent variables and then to 

determine which independent variable(s) accounted for the majority of the variance. It is 

also possible in this model that each of the independent variables are acting upon one 

another and combinations of the variables may be at work. Pallant, (2010), cautions that the 

notion of colinearity may be at work in models such as this. 

 

Sample 

The sample used for this analysis is a bespoke dataset obtained from the records held by the 

university. In this respect, this is a secondary dataset as the data was initially collected by 

the university as a matter of course for other purposes. Participants were graduates of the 

university in one specific faculty from June 2014 going back five years to 2009. The total 

number of cases presented for analysis was five thousand and seventy four, (n = 5074). All 

of the cases were people who had graduated so there were no fails or people who had 

exited their course early. 
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Ethical considerations 

Although the data being used for this study is already in existence, (having been collected 

for another purpose), it is still important that one maintains ethical standards. The main 

ethical issues considered in this study were anonymity and confidentiality. Anonymity 

according to Cohen et al (2011), is an assurance that no data are accessed or collected that 

identified an individual whilst confidentiality provides an assurance that the data were 

treated securely. In combination, this upholds the individual’s right to privacy.  

It could be argued that the data was collected for purposes other than what is proposed 

here and potentially therefore consent is required for using the data but it would be routine 

to inform those supplying their data that it may be used for alternate analysis purposes. In 

the event permission was sought and granted from the department who have continuing 

responsibility for data collection, management and storage in the university. In terms of 

research governance in this case, the department required a copy of the research proposal 

with an assurance that access to the dataset would be restricted and kept safe. A 

description of what purposes the data would be used for was also required as was a 

description of how the results would be disseminated. 

 

Data handling 

The study went beyond bivariate correlation to create a statistical model that more closely 

approximates what is happening in “the real world”. Variables do not exist in isolation and 

the model used here attempted to illuminate how each independent variable interacted 

with the dependent variable in a whole system whilst detecting which ones were impacting 

significantly. This would put us in a position to predict which combination of factors would 

produce the “best” outcome for students and at the same time enable “weaker” students to 

be identified so that remedial actions could be put in place. 

Field (2005 p.144), explained that ordinarily to predict an outcome using several predictor 

variables; multiple regression analysis is used. To carry out regression analysis the variable 

to be predicted which is degree classification, (ordinal variable) and X = the predictor 

variables which in this case were; X1 = Age on entry, (scale variable), X2 = Sex, (nominal 

variable), X3 = Ethnicity, (nominal variable), X4 = Marital status, (nominal variable), X5 = 

Previous academic achievement, (ordinal variable) and X6 = Length of time to complete the 

course, (scale variable) 
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This was problematic in this study though because a lot of the variables were not scale 

variables. Perhaps most importantly the dependent variable was not scale and this creates 

difficulties with prediction according to Field, (2005). This can be overcome however, by 

using logistic regression, (Pallant 2010). Logistic regression is appropriate when dealing with 

a response variable that is dichotomous, (Field 2005) and as Polit and Beck, (2012) point out 

has less restrictive assumptions underpinning it. In effect logistic regression predicts the 

likelihood of Y occurring given the presence of the predictor variables. To do this logistic 

regression uses maximum likelihood estimation, (MLE) that is explained by Polit and Beck, 

(2012), as a process that estimates which parameter was most likely to have generated the 

observed data. 

The dataset supplied was presented in an Excel spreadsheet and contained text answers to 

questions as opposed to numbers. Once the data had been converted to numbers they were 

imported into SPSS V22. To facilitate data handling the variables, (both dependent and 

independent) were converted into dichotomous variables. Conversion of the dependent 

variable was guided by the idea that degrees are perceived as “good” or “not good” and was 

in keeping with Lasselle and McDougall-Bagnall et al. (2014) who differentiated between 

firsts, upper seconds and other. The classification scores 1-2 were recoded as 1 and the 

scores 3, 4 and 5 were recoded as 0. The score 1 indicating the presence of the desired 

quality and 0 indicating its absence. The new variable was named “GoodDegree” to identify 

it. As well as classification the variable that recorded how long the student took to complete 

the course was converted to a dichotomous variable to indicate those who had completed 

the course in less than or equal to the prescribed time or those who had exceeded the 

prescribed time. This new variable was relabelled using a similar procedure described above 

with the reference category described as values of less than or equal to prescribed time = 1 

and values greater than 1 year over the prescribed time = 0. This was called, “OnTime”. 

The variable ethnicity was recoded into a dichotomous variable when it transpired that the 

sample was overwhelmingly white. Subdividing this variable was not providing any richness 

to the data so following the recode procedure the variable was recoded as white vs not 

white with white as the reference category of 1. Marital status contained several categories 

so again it was converted into a dichotomous variable whereby the reference category 

became single and other values were collectively labelled as “not single”. Previous academic 

achievement was treated similarly with students arriving at university with a plethora of 
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qualifications that were accepted as being equivalent to the usual A-level requirements. 

Consequently this variable was recoded into “A-level”, (the reference category) and “not A-

level”. Age was a scale variable so was left unchanged. 

Missing values were used to deal with some of the data that did not add to the analysis or 

obscured what was really going on. This was adopted for the variable highest qualification 

because some of the categories recorded in the original dataset were unclear. For example 

the categories not known and other; do not tell us whether or not the case didn’t have 

qualifications, did have qualifications but didn’t record them or any other reason. The 

procedure followed to recode to account for this was that described by Pallant (2005 p.58). 

The values 7, 8 and 10 were labelled as discrete missing values in variable view. 

 

Results 

Descriptive statistics: 

The data described a cohort of graduates from one faculty in a university from June 2009 to 

June 2014. There were 5074 cases in the dataset and two were deleted as having their 

degrees awarded as Aegrotat, (n = 5072). The descriptive data for the categories is 

presented in table 2 below. The dataset was 77.2% female, (n=3914) and 22.8%, (n=1158) 

male. The average age of the students in the dataset was 21years with a standard deviation 

of 5.74years. This may be attributed to the range present in the data and was found to be 

16-60 years. White accounted for 95.5%, (n=4835) of the sample; whilst not white 

accounted for the remaining 4.5%, (n=228) demonstrating considerable cultural uniformity. 

When it came to marital status, the sample was 93.4% single (n=4708) with the remaining 

6.6% (n=333) being, not single. Previous academic success denoted by the highest 

qualification that the participant had upon entering the course was recorded with 54.8% 

(n=2777), starting with A levels or equivalent whilst the remaining 45.2% (n=2295) did not 

have A-levels. The number of years taken to complete the course either short of or in excess 

of the course’s prescribed length was calculated and it appeared that 85.1% (n=4317) of the 

sample completed the course on time whilst 14.9% (n=755) did not.  The final classification 

achieved by the students was found to be mostly second class first division, (2:1) with 51.1% 

(n=2590) of the students achieving this. The spread of results is presented in the following 

table: 
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Table 1: Degree classifications 

Degree classification Frequency Percent 

First class 698 13.8 

2:1 2590 51.1 

2:2 1528 30.1 

3rd 150 3.0 

Pass 106 2.1 

 

This variable was also recoded into a dichotomous variable where first class and 2:1 

classifications were grouped into a new variable labelled as 0 = not good degree, (35.2%), 

and 1 = good, (64.8%). This was based on the rationale that first class degrees and 2:1’s had 

a higher employability value than the others and are commonly referred to as “good” 

degrees according to the Higher Education Statistics Agency, (HESA).  

Table 2: Category frequencies and percentages: 

Category Frequency Percentage 

Female 3914 77.2 

Male 1158 22.8 

White 4835 95.5 

Not white 228 4.5 

Single 4708 93.4 

Not single 333 6.6 

A levels 2777 54.8 

Not A Levels 2295 45.2 

Finished on time 4317 81.5 

Didn’t finish on time 755 14.9 

 

 

Inferential statistics; logistic regression 

Logistic regression was chosen as outlined above based on the premise that the dependent 

variable was not a scale variable. Field, (2005), explained that logistic regression enables us 
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to predict the likelihood of someone belonging to a particular predictor category based on 

which predictor variables they possess.   

The procedure followed was that described by Pallant, (2010) and followed the steps 

analyse, regression, binary logistic. The outcome variable selected was “Newclass2”and the 

covariates selected were “Age”, “Gender”, “Whitenotwhite”, “Singleornot”, “Alevelornot” 

and “OnTime”. The forced entry default method was selected and all variables bar age were 

noted as being categorical. The options recommended by Pallant were selected and the 

regression was executed with the following results. The output from SPSS has been included 

for reference in appendix 2. 

The case processing summary indicated that there were 38 missing cases representing 0.7% 

of the sample. The dependent variable encoding was correct with “good degree” being 

coded as 1 to represent the reference category. In a similar fashion SPSS had coded the 

independent variables so that the reference categories were coded as 1. Without any of the 

independent variables added to the model, SPSS was able to correctly classify 64.8% of 

cases and this was used as a baseline figure to compare after the independent variables 

have been added. The model was statistically significant, X2  (6, n=5034) = 208.605 p < 

0.0005; thus showing that with the independent variables added the model is more 

accurate than without them. This was supported by a significant Hosmer-Lemeshow 

Goodness of fit test that reported a X2(6, n=5034) =12.944 sig = 0.114. However the Cox & 

Snell R Square value and the Nagelkerke R Square values were 0.41 and 0.56 respectively. 

According to Pallant this indicates that the variables only account for between 4.1% and 

5.6% of the variance. The classification table with the independent variables added 

increased the models sensitivity to 67.3% which is a 2.5% increase from the previous figure 

in block 0. 

Variables in the equation output which is presented below in table 1, revealed that only 

three of the independent variables, (highlighted), were significant with a sig value <0.05.  

From the table then we can see that married females who finish their course on time are 

more likely to get a good degree On the other hand it would appear that ethnicity, the 

previous academic achievement of the person or their age had no significant effect of 

predicting whether they would get a good degree. Interestingly, the previous academic 

achievement indicator or Alevel or not was not found to be significant. 
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The Exp (B) figures or odds ratios reported show that the strongest predictor of getting a 

good degree was completing on time. Those completing on time were nearly three times as 

likely to get a good degree, Exp (B) = 2.997 than those who did not. The odds ratio is an 

estimate of and a useful indicator of the strength of a relationship between two categorical 

variables, (Bland and Altman 2000). However Pallant, (2010), pointed out that this is only a 

guess and suggests what the true value might be. The odds ration figure needs to be 

interpreted in the light of its confidence interval, (C.I.) and as can be seen from the table 

above the C.I. for the variable on time was 2.5 to 3.5. This is a narrow range and the actual 

score lies somewhere in between these parameters... 

Table 3: The variables in the equation;  

 B S.E. Wald df Sig. (ExpB), 

Odds Ratio 

95% C.I.for EXP(B) 

Lower Upper 

NewGender(1) .208 .071 8.545 1 .003 1.231 1.071 1.416 

WhiteNotWhite(1) .046 .148 .096 1 .757 1.047 .783 1.400 

SingleOrNot(1) -.568 .160 12.679 1 .000 .566 .414 .775 

AlevelOrNot(1) .006 .069 .008 1 .928 1.006 .880 1.151 

OnTime(1) 1.098 .081 182.093 1 .000 2.997 2.555 3.515 

Ageonentry -.002 .007 .101 1 .751 .998 .984 1.012 

Constant .064 .313 .042 1 .837 1.066   

 

Discussion 

This study set out to determine if degree classification can be predicted by a student’s age, 

sex, ethnicity, marital status, previous academic achievement and whether or not they 

completed the course on time. The results presented above therefore need to be 

interpreted in the light of what is already known, (Connolly 2007).The study showed that 

degree classification can indeed be predicted when the independent variables are known. 

Specifically, logistic regression analysis revealed that statistically significant relationships 

existed between gender and classification, marital status and classification and completing 

on time and classification.  

The strongest predictor was revealed to be completing the degree on time. A strong positive 

relationship existed between completing the degree on time and the likelihood of getting a 

good degree, (B=1.098). Indeed it appeared that those who completed the degree on time 

were almost three times more likely to get a good degree than those who did not. This did 
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not appear to have been considered in any of the literature considered above so may well 

be an item that requires further study. However it should be noted that although this 

relationship existed the data did not explain why students had not completed on time. It 

would be interesting to note this to see if further refinements could be made to explain the 

finding. 

The distribution of the gender in the sample was skewed towards being female, (n =3914) 

and may be explained by being aware that the faculty in question was responsible for 

courses that relate to health such as Nursing, Physiotherapy and Occupational Therapy that 

traditionally attract a majority female student body. The relationship between the gender 

and classification was weakly positive, (B = 0.208) that suggested females were slightly more 

likely to get a good degree than males. This was contrary to Naylor et al. (2014), Cassidy, 

(2008) and Najafabadi et al. (2013), who found that gender made no significant contribution 

to their study but was in keeping with Allan et al. (2014) who found that gender was 

significant. The moderate negative relationship demonstrated between marital status and 

degree classification, (B=-0.568) suggested that being married conferred an advantage in 

terms of chances of getting a good degree. This however was not reported in the literature 

but may well be a function of age insofar as Cassidy (2008) asserts that increasing maturity 

contributed positively and being married may be construed as evidence of being more 

mature.  However, age in the current study was not a significant variable. 

Ethnicity did not appear to play a role in this study as no significant relationship was 

detected by the model. This is not in keeping with previous literature from other studies 

such as Williams et al. (2015) and Naylor et al. (2014) who found that ethnicity played a 

significant role in performance. Perhaps though, the finding in this study may be accounted 

for by the lack of cultural diversity within the sample with White accounting for 4.5% of the 

overall sample.  

It was interesting to note that whether or not the participants’ had A levels or not, proved 

to be not significant. This is contrary to the findings of Adamuti-Trache et al. (2013) and 

Laselle et al, (2014) who found that previous academic success did play an important role. It 

may well be the case here that although the variable had been broken down into two 

factors it still amounted to the student satisfying the university’s entry criteria.  

The data though had its limitations; perhaps the main limitation in this study was the 

homogeneity of the sample as described above. Despite obtaining a generous sample size 
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the cases contained within it displayed homogeneity across most if not all of the predictor 

variables. It could be that the choice of cases from one specific Faculty predetermined this 

because faculties have been organised to contain broadly similar subject groups that one 

could argue draw their students from the same populations. Consequently, to offset this 

occurring again the analysis could be run with the inclusion of a Faculty that had a different 

profile. For example as the sample in this study was predominantly female, a faculty that 

provided traditionally male subjects could be included? Another important limitation to take 

into account was that the data were not scale but instead were categorical. Perhaps most 

importantly the dependent variable was categorical but it would be possible to obtain this 

data as a scale if their final score was recorded in the database used to source this dataset. 

 

Conclusion 

In conclusion, the study demonstrated that it is indeed possible to predict the type of 

degree a student is likely to get when certain predictor variables are present.  Married 

females who completed their degree on time were more likely to get a good degree than 

those who did not, (or were not). A number of caveats need to be placed upon the 

conclusions though and caution is needed when moving from the general to the specific. As 

Black, (1999) pointed out logistic regression can contribute to decision making by providing 

confidence but it does not support causality. In particular, it would be of use to ensure that 

the variables being employed were scale to facilitate the use of linear regression as opposed 

to logistic regression and thus sharpen our focus somewhat by moving away from odds 

ratios. The implications of the study were that when students go over the prescribed time 

they are less likely to get a good degree so academic staff would need to alert students to 

this fact and monitor current students to ensure that adequate support can be provided for 

those who are going over time. Recommendations arising from the study would be that a 

similar design be repeated with scale variables as opposed to categorical ones and that a 

less homogenous group is examined to see if the same patterns emerge. 
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